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Research on the Selection of Advertising Marketing Stations

Based on Urban Rail Transit Network

LI Zhe

(China Railway Siyuan Survey and Design Group Co. Ltd., Wuhan 430063, China)

Abstract: Advertising marketing in the context of urban rail transit network has become a popular way of product promotion. With quickly and

accurately screening out stations with a wide range of communication and high influence, operators and investors can invest a large amount of

advertising in them to generate higher publicity and returns. The proposal of influence maximization provides a new way to solve the problem of

station selection. Firstly, a network representation learning model was proposed, which integrates node structure information and network to-

pology structure information, and was used to learn the feature vectors of network nodes. Further, the feature vector of network nodes was in-

put into the clustering algorithm to effectively screen the candidate seed set, and at the same time, the greedy strategy was combined to screen

the seed node set from the candidate seed set, so as to effectively improve the effect of the problem of maximizing the influence of network

nodes. Taking Wuhan metro network as an example, the results show that the proposed method is superior to the existing influence maximiza-

tion method in terms of its spread scope, and it is reasonable to select high-influence stations.

Keywords : urban rail transit; subway advertising marketing; influence maximization;network representation learning;neural network;clustering
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